
Jurnal Sistem Informasi Bisnis 02 (2025) 
Copyright ©2025, JSINBIS, p-ISSN: 2502-2377, e-ISSN: 2088-3587 

On-line: http://ejournal.undip.ac.id/index.php/jsinbis/article/view/68729 

237 

 

*) Corresponding author: tikno@uisi.ac.id  

Evaluating The Impact of Digital Marketing Strategies on 

Enrollment Decisions through PLS-SEM Analysis: Insights 

from Private University X 

 
Zahra Raniah Putri Syunita, Tikno*   

 
Information System , Faculty of Information Technology, Universitas Internasional Semen Indonesia 

Jl. Veteran, Kb. Dalem, Sidomoro,Kebomas, Gresik Regency, East Java, Indonesia 61122 

Submitted: February 27th, 2025; Revised: March 23rd, 2025; Accepted: April 17th, 2025; Available Online: May 31st, 2025 

DOI: 10.14710/vol15iss2pp237-250 
 

 

Abstract  

 
This study evaluates the effectiveness of digital marketing strategies in influencing enrollment decisions at Indonesian private 

universities. With the increasing reliance on digital platforms, higher education institutions (HEIs) have adapted their marketing 

approaches to engage digitally-savvy prospective students. The aim of this research is to identify the most impactful strategies 

and their contribution to student enrollment decisions. Utilizing Partial Least Squares Structural Equation Modeling (PLS-

SEM), the study compares three models: one derived from prior research and two newly proposed by the authors. Data collected 

from 325 respondents revealed that social media engagement and personalized direct messaging significantly enhance 

enrollment decisions, with the highest R² value (0.772) observed for social media engagement in Model 2. The Bayesian 

Information Criterion (BIC) indicated Model 2 as the best fit (-255.774) for explaining enrollment decisions. These findings 

suggest that strategies emphasizing social media engagement and personalized communication yield the greatest impact on 

prospective students. This study contributes to the growing field of digital marketing in higher education by offering actionable 

insights for enhancing online visibility and optimizing enrollment outcomes in a competitive market. 

Keywords: digital marketing; student enrollment; higher education; social media; PLS_SEM 

 

 
1.  Introduction 

In recent years, the higher education landscape 

has undergone significant transformations due to 

advancements in technology and the increasing 

reliance on digital platforms. Private universities, 

particularly in Indonesia, face intense competition in 

attracting prospective students, which has led to the 

widespread adoption of digital marketing strategies. 

According to Kotler and Keller (2016), digital 

marketing involves leveraging online channels such as 

social media, search engines, email marketing, and 

websites to connect with potential customers 

effectively. For private universities, these strategies 

are becoming crucial in addressing declining student 

enrollment caused by demographic shifts and the 

emergence of alternative educational institutions 

offering flexible and cost-effective programs. 

Despite the widespread adoption of digital 

marketing strategies, their effectiveness in influencing 

student enrollment decisions remains a critical area of 

inquiry. This study seeks to address this gap by 

evaluating which strategies yield the highest impact on 

enrollment outcomes. These methods include running 

targeted social media campaigns, optimizing websites 

for search engine visibility, and utilizing data analytics 

to refine recruitment efforts. For example, Facebook 

and Instagram have been widely used platforms to 

showcase campus life, highlight unique academic 

programs, and directly interact with inquiries from 

prospective students. However, the effectiveness of 

such strategies in influencing student enrollment 

decisions remains a critical area of inquiry. Studies by 

Chaffey and Smith (2022) suggest that while digital 

marketing creates awareness, the impact on decision-

making may be moderated by factors such as brand 

reputation, financial aid availability, and perceived 

quality of education. 

This study aims to evaluate the effectiveness of 

digital marketing strategies implemented by Private 

University X in influencing student enrollment 

decisions. As a leading private institution in Indonesia, 

Private University X has adopted various digital 

marketing strategies to attract prospective students. 

By identifying which strategies yield the highest 

return on investment, the findings aim to guide the 

university in optimizing its marketing efforts. This 

research also seeks to provide actionable insights into 

improving communication and engagement with 

potential students through digital platforms. 

While existing literature often emphasizes 

technical aspects of digital marketing, such as click-

through rates and user engagement, these studies 

rarely examine how these metrics influence actual 

enrollment decisions. This study fills this gap by 
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investigating the direct impact of digital marketing 

strategies on student enrollment outcomes at a private 

university in Indonesia. 

 

2.  Literatur Review 

Recent years have seen a dramatic change in 

higher education marketing, mostly due to changes in 

customer behavior, increased rivalry among 

institutions, and technological breakthroughs. 

Traditionally, universities relied on conventional 

marketing techniques such as print media, campus 

fairs, and direct mail to engage prospective students. 

These methods, however, have gradually been 

supplemented—or in some cases, replaced—by digital 

marketing tools, in response to the changing dynamics 

of the education sector(Markovic et al., 2017). Higher 

education institutions (HEIs) are increasingly 

realizing the value of connecting, and this shift is part 

of a larger trend with a digitally-savvy generation. 

Digital platforms and data analytics have become 

integral in establishing a competitive advantage in a 

crowded educational market (Williamson, 2021). By 

utilizing websites, social media, email campaigns, and 

online advertising, A larger audience can be reached 

by HEIs and foster more meaningful interactions with 

prospective students (Neacsu and Armasar, 2018). On 

a global scale, HEIs have been able to serve global 

audiences by implementing digital marketing tactics, 

driving the globalization of education (University 

espiritu santo et al., 2017). The marketization of 

higher education is another key trend, where 

institutions employ business-oriented strategies to 

remain competitive on a global stage (Zhu, 2019). 
Digital marketing usage was further driven by the 

COVID-19 epidemic, as traditional in-person 

recruitment events were disrupted. In response, 

universities used digital content and social media to 

interact with potential students, stressing the need of 

having a strong online presence (Rawat et al., 2022). 

Additionally, the rise of e-learning platforms and 

MOOCs underscores the digital transformation of 

educational services, meeting the needs of a digitally 

proficient student population (Klave and Cane, 2024; 

Polianovskyi et al., 2021). 

In Indonesia, digital marketing is being used more 

and more by Private University X as a way to stay 

competitive in a dynamic higher education landscape. 

The growing reliance on digital platforms by it is now 

crucial for educational institutions to improve their 

internet presence in order to attract prospective 

students (Farida, 2024; Julita et al., 2024). Given the 

highly competitive nature of the Indonesian higher 

education market, private universities must 

distinguish themselves through effective branding and 

digital marketing strategies. These strategies can 

significantly bolster a university's reputation and 

attract students, with social media platforms such as 

Instagram and Facebook playing a crucial role in 

building brand awareness and engaging prospective 

students through targeted campaigns (Rajagukguk et 

al., 2023; Vidyawati and Rosyidah, 2022). Digital 

media also allows universities to directly engage with 

prospective students, providing personalized 

communication through social media platforms, 

which is essential for building strong relationships and 

fostering a sense of connection with the institution 

(Riofita, 2022). Video marketing and interactive 

content have become particularly important tools for 

showcasing university programs and connecting with 

a younger, more digitally-inclined audience (Farida, 

2024). Furthermore, an important factor in 

establishing a university's brand identity is digital 

marketing, which is crucial for long-term 

sustainability. Universities can manage their 

reputation and highlight their academic strengths, 

success stories, and community involvement, thereby 

enhancing their credibility and appeal to prospective 

students (Munir et al., 2023; Rajagukguk et al., 2023). 

A variety of components contribute to a successful 

digital marketing strategy in higher education. Search 

engine optimization (SEO) is fundamental in 

enhancing the visibility of university websites on 

search engines, which directly impacts the volume of 

organic traffic and the credibility of the institution 

(“Investigating Digital Marketing Strategies in 

Influencing Student Enrollment Decisions in Tertiary 

Education,” 2023). Complementing SEO, paid 

advertising allows universities to reach broader 

audiences through targeted ads, but without interactive 

elements, such strategies can be less effective in 

fostering long-term engagement with prospective 

students (Puluhulawa et al., 2022). Social media 

marketing, on the other hand, has become a key 

strategy in driving engagement, building brand 

recognition, and generating leads. Through strategic 

campaigns on platforms like Facebook, Instagram, 

and Twitter, universities can maintain an ongoing 

dialogue with potential students, ultimately increasing 

the likelihood of enrollment (Magdalena et al., 2022). 

Direct messaging, which offers personalized 

communication, has also proven to be highly effective 

in influencing enrollment intentions, as it fosters a 

more direct and personal connection with prospective 

students (Abdol Ghani et al., 2023; Odle and Delaney, 

2022). Affiliate marketing and public relations also 

play crucial roles in expanding a university's reach and 

strengthening its reputation. Through partnerships 

with influencers, educational consultants, and other 

organizations, universities can leverage affiliate 

marketing to tap into established networks and gain 

access to new audiences (Puluhulawa et al., 2022). PR 

campaigns further enhance the university's public 

image, establishing trust and shaping perceptions, 

which are vital for attracting students (Harrison, 2024; 

Silaban, 2023). 

The influence of digital marketing tactics on 

students' decision-making has been the subject of 

numerous research, many focus on individual 
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components rather than offering a holistic analysis of 

the collective impact of various strategies. 

(Kusumawati, 2019) and Fierro et al. (2017) have 

assessed how digital marketing affects enrollment 

choices, yet there is a lack of comprehensive 

comparative studies that use advanced analytical 

methods to assess multiple strategies simultaneously 

(Wijaya et al., 2023). Furthermore, while quantitative 

methods like Structural Equation Modeling (SEM) 

and Partial Least Squares (PLS) are commonly used in 

higher education marketing studies (Kaushal et al., 

2023), these studies often suffer from methodological 

limitations, including narrow variables and 

insufficient integration with qualitative insights 

(Harada, 2022; Seeber, 2020). There remains a need 

for more rigorous and context-sensitive research 

methodologies that assess the efficacy of digital 

marketing tactics more thoroughly. 

Theories of consumer behavior, such the 

Technology Acceptance Model (TAM), the Theory of 

Planned Behavior (TPB), and the Consumer Decision-

Making Process Model, offer a theoretical framework 

for comprehending how digital marketing affects 

student choices. For example, TPB has been used to 

examine how behavioral intentions, such as students' 

choice of educational institutions, are influenced by 

attitudes, subjective norms, and perceived control 

(Wong et al., 2018). Similarly, the Consumer 

Decision-Making Process Model outlines the stages 

that students go through when selecting a university, 

TAM emphasizes the significance of usability and 

simplicity of use in the adoption of technology, both 

of which are critical to students’ engagement with 

digital marketing platforms (Evans et al., 2022; 

Rajkumar et al., 2022). These theories have been 

widely applied in previous studies, such as those by 

(Jiang et al., 2022), (Duffy and Ney, 2015), and 

(Darmawansyah et al., 2023), to explore how digital 

experiences influence students' decisions and 

behaviors. By integrating these theoretical models, 
researchers are better able to comprehend how student 

enrollment decisions and digital marketing tactics are 

related. 

Finally, SEM-PLS has proven to be an effective 

analytical tool in higher education marketing research 

due to its flexibility in handling complex models, 

ability to address non-normal data distributions, and 

suitability for small to medium sample sizes. SEM-

PLS focuses on prediction and can accommodate 

exploratory research, making it particularly useful for 

analyzing the multifaceted relationships between 

digital marketing strategies and student behavior 

(Deepa, 2020; Safeer et al., 2021). Several studies, 

including those by (García et al., 2023), and (Singh, 

2022), have successfully employed SEM-PLS to 

evaluate factors influencing student enrollment 

decisions and engagement with online learning 

platforms. These studies highlight the effectiveness of 

SEM-PLS in exploring the dynamic relationships 

between various marketing strategies and student 

behaviors. 

In summary, while substantial progress has been 

made in understanding the role of digital marketing in 

higher education, there remain significant gaps in the 

literature. Few studies have undertaken 

comprehensive comparative analyses of multiple 

marketing strategies, particularly in the context of 

private universities in Indonesia. Additionally, 

existing research often faces methodological 

limitations and lacks integration with qualitative 

insights. Addressing these gaps will be crucial for 

advancing our understanding of how digital marketing 

strategies collectively impact student enrollment 

decisions and for developing more effective marketing 

strategies for HEIs in Indonesia and beyond. 

 

3.  Methodology 

 

 

 
 

Figure 1. Research Method. 
 

3.1 Research Design 

This study employs a quantitative research 

approach using Partial Least Squares Structural 

Equation Modeling (PLS-SEM) to investigate causal 

links among latent variables. PLS-SEM was chosen 

over CB-SEM due to its ability to handle complex 

models with small to medium sample sizes, as well as 

its robustness in analyzing non-normally distributed 

data (Hair et al., 2014). Unlike CB-SEM, which 

focuses on model fit, PLS-SEM is more suitable for 

exploratory research that aims to predict key drivers 

of student enrollment (Bollen and Noble, 2011; Hair, 

2014). The research process follows a systematic flow 

as illustrated in Figure 1, which outlines the key 

stages: data collection, measurement model 

evaluation, structural model assessment, and model 

comparison. 

Three models are analyzed to assess the 

effectiveness of digital marketing strategies: Model 1, 
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derived from prior research, and Models 2 and 3, 

newly proposed by the authors. The Bayesian 

Information Criterion (BIC) is utilized to evaluate 

model fit, with lower BIC values indicating better 

predictive relevance and overall model performance. 

These models are compared to identify the strategies 

that most effectively influence student enrollment 

decisions. 

 

3.2 Population, Sample, and Data Collection 

Procedures 

The population of this study consists of 

prospective students who registered for enrollment at 

Private University X during a specified period. A 

minimum sample size of 316 respondents was 

determined using Slovin’s formula with a 5% margin 

of error, based on a population of 1,500 students. A 

straightforward random sampling method was used to 

guarantee a representative sample, giving every 

potential student an equal chance of being chosen. A 

total of 400 questionnaires were distributed, with 325 

completed responses received, resulting in an 81.25% 

response rate. 

This response rate was deemed sufficient to ensure 

the sample represented the diverse demographic 

characteristics of the target population, including 

gender, age, region of origin, and year of enrollment. 

Data were collected through a structured questionnaire 

designed to assess students’ perceptions of various 

digital marketing strategies implemented by the 

university. Utilizing a 5-point Likert scale, the survey 

examined elements related to the students' enrollment 

choices, including website features, search engine 

optimization (SEO), click-based advertising, public 

relations, affiliate marketing, social networks, and 

direct messaging. Prior to distribution, the instrument 

underwent expert validation and reliability testing, 

with composite reliability values above 0.70, ensuring 

strong internal consistency. 

 

3.3 Measurement of Variables 

Based on the literature, the constructs and the 

indicators that go along with them were meticulously 

created and modified for the study's setting. 

Table 1.  Constructs and Indicators 

Code Factor   Code Indicator 

W1 Website W1 Academic 

Information 

W2 Attractive 

Content 

W3 Good Interface 

Y2 SEO SEO1 Content 

Indexing 

SEO2 Structured 

Layout 

SEO3 Keywords 

SEO4 Access Speed 

Y3 Click-

Based 

Advertising 

CB1 Simplicity of 

Promotion 

CB2 Advertising 

CB3 Pay-per-Click 

Y4 Public 

Relations 

 

PR1 Partnership 

Programs 

PR2 Community 

Involvement 

PR3 Program 

Socialization 

PR4 Scheduled 

Promotional 

Programs 

Y5 Affiliate 

Marketing 

AM1 Inter-University 

Collaboration 

AP2 Commissions 

AP3 Partner 

Evaluation 

AP4 Launching New 

Affiliate 

Programs 

AP5 Number of 

Partners 

Y6 Social 

Networks 

SN1 Number of 

Followers 

SN2 Active 

Interaction 

SN3 Service 

Interaction 

SN4 Information 

Completeness 

Y7 Direct 

Messaging 

 

DM1 Email or 

WhatsApp 

DM2 Email/ 

WhatsApp for 

Promotion 

DM3 Contact List 

DM4 Information 

Dissemination 

via Email / 

WhatsApp 

Y8 Enrollment 

Index 

IP1 Intention to 

Enroll 

IP2 Influence of 

Enrollment 

Information 

  

       Table 1 the constructs were measured using items 

on a five-point Likert scale. The questionnaire items 

were carefully adapted from established instruments, 

ensuring that they aligned with the theoretical 
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constructs and the specific context of Private 

University X.  

 

3.4 Data Analysis Procedures 

     The collected data were analyzed using PLS-SEM 

with SmartPLS version 3.2.9 (Hair et al., 2019; 

Sarstedt et al., 2016). The analysis process includes 

two main stages: the evaluation of the measurement 

model and the structural model. PLS-SEM was chosen 

for this study due to its ability to handle complex 

models involving multiple constructs, including 

formative constructs. It is also capables to addressing 

non-normal data distributions and provide robust 

results even with smaller sample sizes (Muhammad 

Nusrang et al., 2023; Sayyida, 2023) The procedures 

for data analysis as follow: 

1. Developing the Conceptual Framework: The 

first step involved formulating structural 

models for the three models under 

comparison (Model 1, Model 2, and Model 

3). 

2. Evaluating the Measurement Model: 

• Reliability: Composite reliability was 

calculated to assess the internal 

consistency of the constructs. A value 

above 0.70 indicates acceptable reliability 

(Hair et al., 2019). 

• Convergent Validity: The Average 

Variance Extracted (AVE) was evaluated 

to measure the degree to which the items 

explain the variance of their respective 

constructs. An AVE value greater than 

0.50 suggests adequate convergent 

validity. 

• Discriminant Validity: The Fornell-

Larcker criterion was applied to ensure 

that constructs were sufficiently distinct. 

For discriminant validity to be 

acceptable, the square root of the AVE of 

each construct should be greater than the 

correlation with other constructs. 

3. Evaluating the Structural Model: 

• Coefficient of Determination (R²): R² was 

used to evaluate the variance explained by 

the model for the dependent variable 

(enrollment decision). Higher R² values 

indicate a better model fit and a greater 

explanatory power. 

• Effect Sizes (f²): Effect sizes were 

calculated to assess the relative 

importance of each predictor variable. A 

value of f² greater than 0.02, 0.15, and 

0.35 is considered small, medium, and 

large, respectively. 

3.5 Ethical Considerations and Limitations of the 

Methodology 

      Ethical considerations were thoroughly addressed 

throughout the study. Participants were fully informed 

about the study’s purpose, procedures, and their rights 

before participation, and informed consent was 

obtained from all respondents. To ensure 

confidentiality and anonymity, no personal identifiers  

were collected, and all data were securely stored and 

used exclusively for research purposes. The study 

received ethical approval from the Institutional 

Review Board (IRB) or Ethics Committee of Private 

University X, adhering to ethical guidelines outlined 

in the Declaration of Helsinki. 

      Despite these efforts, the methodology has several 

limitations. Although a simple random sampling 

method was used, the sample may not fully represent 

the entire population of prospective students, limiting 

the generalizability of the findings. Additionally, 

while the survey methodology ensures robust data, 

self-reported responses could introduce biases, such as 

social desirability bias, affecting the accuracy of the 

data. Furthermore, the study’s findings may be more 

specific to Private University X and may not be 

directly applicable to other institutions, which calls for 

caution when generalizing the results to broader 

contexts. 

 

4.  Result and Discussion 

This section presents the findings of the model 

comparison for digital marketing strategies and their 

influence on students' enrollment decision (ED) at a 

private university in Indonesia. The analysis employs 

Structural Equation Modeling (SEM) with Partial 

Least Squares (PLS) to evaluate the effects of various 

digital marketing strategies: Affiliate Marketing (AF), 

Public Relations (PR), Social Media Engagement 

(SM), Click-Based Advertising (CB), Direct 

Messaging (DM), Search Engine Optimization (SEO), 

and Website Quality (WEB) on ED. The results are 

discussed in the context of the respondents’ 

demographic profile, the evaluation of the reflective 

measurement model, and the structural model. These 

components provide a comprehensive understanding 

of how each digital marketing strategy contributes to 

students' decision-making process when choosing a 

university. 
     
4.1. Demographic Profile of Respondents  

      A total of 325 respondents participated in the 

study, exceeding the minimum required sample size of 

316 determined by the Slovin formula. The 

demographic characteristics of the respondents are 

summarized in Table 2. 

 

 
Table 2. Characteristics of the respondents 
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In terms of gender, the majority of 

respondents were female (56.6%), while 43.4% were 

male. The respondents were predominantly from 

Gresik (74.5%), with the remaining 25.5% coming 

from outside Gresik. Regarding age, the largest group 

was aged 21–23 years (64.3%), followed by those 

aged 17–20 years (34.5%). Only a small proportion of 

respondents were in the 24–27 age range (1.2%), and 

none were in the 28–30 age range. As for the year of 

enrollment, the distribution was relatively even, with 

32.6% of respondents enrolled in 2021, 30.2% in 

2022, and 26.5% in 2023. The smallest group of 

respondents were from the 2020 cohort, representing 

10.8% of the total sample. 

 

4.2 Reflective Measurement Model Evaluation 

      The evaluation of the reflective measurement 

models for Models 1, 2, and 3 focused on assessing 

internal consistency reliability, convergent validity, 

and discriminant validity to determine the robustness 

of the measurement constructs. Using Composite 

Reliability (CR) and Average Variance Extracted 

(AVE), the analysis tested the consistency of the 

constructs and their ability to accurately reflect the 

underlying digital marketing strategies. Additionally, 

Fornell-Larcker criterion was applied to examine the 

discriminant validity, ensuring that each construct was 

distinct from the others. These evaluations are critical 

in understanding how well each model captures the 

relationships between the digital marketing strategies 

and their impact on student enrollment decisions (ED). 

 
Table 3. Composite Realiability (CR)  

Variabl

e 

Mode

l 1 

Mode

l 2  

Mode

l 3 

Composite 

Realiabilit

y (CR) 

AF 0.926 0.916 0.916 

CB 0.731 0.830 0.829 

DM 0.792 0.846 0.846 

ED 0.895 0.949 0.949 

PR 0.844 0.884 0.889 

SEO 0.906 0.933 0.933 

SM 0.865 0.905 0.905 

WEB 0.702 0.800 0.800 

 

       The internal consistency reliability, assessed 

through Composite Reliability (CR), demonstrates 

strong performance across all three models as shown 

in table 3. In Model 1, most constructs exhibit high 

reliability, with Composite Reliability (CR) values for 

Affiliate Marketing (AF) and Search Engine 

Optimization (SEO) surpassing the 0.9 threshold, 

indicating excellent internal consistency. However, 

constructs such as Website Quality (WEB) (CR = 

0.702) and Click-Based Advertising (CB) (CR = 

0.731) show lower reliability, suggesting potential 

areas for refinement. 

        In Models 2 and 3, improvements in CR values 

are observed for the weaker constructs from Model 1. 

For example, Website Quality (WEB) increases to 

0.800, and Click-Based Advertising (CB) rises to 

0.830 and 0.829, respectively, in Models 2 and 3. 

These increases highlight enhancements in the 

measurement quality, possibly due to adjustments in 

indicator selection or weighting. All constructs in 

Models 2 and 3 achieve CR values well above the 0.7 

threshold, reinforcing the overall reliability and 

consistency of the models. 

 
Table 4. Average Variance Extracted (AVE) Scores  

Variable Model 

1 

Model 

2  

Model 

3 

Average 

Variance 

Extracted 

(AVE) 

with a 

threshold 

of 0,5 

CB 0.587 0.624 0.628 

DM 0.574 0.580 0.580 

ED 0.904 0.904 0.904 

PR 0.680 0.661 0.670 

SEO 0.778 0.778 0.778 

SM 0.711 0.706 0.708 

WEB 0.523 0.574 0.574 

 

        In the table 4, Convergent validity, assessed 

using Average Variance Extracted (AVE), shows that 

all constructs across the three models exceed the 

minimum threshold of 0.5, indicating that the latent 

variables adequately explain the variance in their 

respective indicators. Notably, constructs such as 

Search Engine Optimization (SEO) and Student 

Enrollment Decision (ED) exhibit particularly strong 

AVE values, with SEO maintaining a value of 0.778 

across all models, and ED consistently achieving a 

high value of 0.904. 

         Incremental improvements in AVE are observed 

for constructs like Click-Based Advertising (CB) and 

Website Quality (WEB) in Models 2 and 3. For 

instance, the AVE for CB increases from 0.587 in 

Model 1 to 0.624 in Model 2 and 0.628 in Model 3, 

while WEB shows a similar improvement, rising from 

0.523 in Model 1 to 0.574 in both Model 2 and Model 

3. These improvements suggest enhanced construct 

Measure Option Frequ

ency 

Per 

cent(%

) 

Gender Male 141 43,4% 

Female 184 56,6 % 

Region of 

Origin 

Gresik 242 74,5% 

Outside 

Gresik 

83 25,5% 

Age 17-20 112 34,5% 

21-23 209 64,3% 

24-27 4 0,10% 

28-30 0 0% 

Year of 

Enrollment 

2020 35 10,8% 

2021 106 32,6% 

2022 98 30,2% 

2023 86 26,5% 

http://ejournal.undip.ac.id/index.php/jsinbis/article/view/71806


Jurnal Sistem Informasi Bisnis 02 (2025) 
Copyright ©2025, JSINBIS, p-ISSN: 2502-2377, e-ISSN: 2088-3587 

On-line: http://ejournal.undip.ac.id/index.php/jsinbis/article/view/68729 

 

243 

 

validity, as the revised models capture a greater 

proportion of variance from their respective 

indicators.    

 
Table 5. Validity of Variables  

MO

DEL 

1  

A

F 

C

B 

D

M 

E

D 

P

R 

SE

O 

S

M 

W

E

B 

AF 0,

57

8 

              

CB 0,

53

2 

0,

53

2 

            

DM 0,

34 

0,

52

8 

0,

5

3 

          

ED 0,

51

3 

0,

44

7 

0,

2

6 

0,

66 

        

PR 0,

36

7 

0,

35

2 

0,

3

5 

0,

24

4 

0,

57

3 

      

SEO 0,

25

9 

0,

25

6 

0,

2

3 

0,

21

3 

0,

28

1 

0,

61

3 

    

SM 0,

36

5 

0,

39

4 

0,

4 

0,

24

9 

0,

53

3 

0,

28

8 

0,

58

5 

  

WE
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      Discriminant Validity using Fornell-Larcker 

Criterion, highlights important differences across the 

models table 5. In Model 1, constructs like Affiliate 

Marketing (AF) and Click-Based Advertising (CB) 

show off-diagonal correlations that approach or 

slightly exceed the square root of their respective AVE 

values, suggesting potential issues with construct 

differentiation. For instance, the correlation between 

AF and CB (0.532) is quite close to the square root of 

AVE for both constructs (AF = 0.578, CB = 0.532), 

indicating overlap in their conceptual boundaries. 

        In Models 2 and 3, discriminant validity 

improves considerably. The correlation between 

Website Quality (WEB) and other constructs 

decreases, and the square root of AVE consistently 

remains higher on the diagonal, demonstrating 

stronger differentiation between constructs. This 

improvement reflects enhanced model specification 

and the refinement of indicators, confirming that the 

revised models better capture the unique aspects of 

each construct. 

       In conclusion, Model 1 serves as a useful starting 

point for exploratory analysis but reveals limitations 

in reliability and validity, particularly for constructs 

like Click-Based Advertising (CB) and Website 

Quality (WEB). Models 2 and 3 effectively address 

these shortcomings, showing improvements in both 
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internal consistency and convergent validity, while 

resolving issues with discriminant validity. The nearly 

identical results between Models 2 and 3 suggest that 

the refinements made are robust and yield comparable 

outcomes. 

       From a reflective measurement model 

perspective, Models 2 and 3 demonstrate superior 

performance, offering stronger construct reliability, 

improved convergent validity, and enhanced 

discriminant validity compared to Model 1. These 

improvements validate the refinement process and 

suggest that Models 2 and 3 are the preferred choices 

for subsequent structural model evaluation 

 

4.3. Structural Model Evaluation 

       The structural model evaluation focuses on 

assessing the explanatory power and effect sizes of the 

models using R-squared (R²) and F-squared (f²) 

values. R² indicates the proportion of variance 

explained by the model for each dependent variable, 

while f² helps evaluate the effect size of individual 

predictors on the endogenous constructs. 

Additionally, the Bayesian Information Criterion 

(BIC) is used to compare the overall goodness of fit 

across models, helping to identify the optimal model 

for explaining the relationships between digital 

marketing strategies and student enrollment decisions. 

This section discusses the results of these evaluations 

to determine which model provides the best fit for the 

data and offers the most meaningful insights. 

 
Table 6. R-squared (R²)  

Varia

ble 

Mod

el 1 

Varia

ble 

Mod

el 2 

Varia

ble 

Mod

el 3 

R2 AF 0.31

0 

AF 0.28

6 

AF 0.78

0 

CB 0.59

6 

DM  0.43

4 

CB 0.37

9 

DM 0.64

4 

ED 0.57

5 

DM 0.46

0 

ED 0.54

5 

SM 0.77

2 

ED 0.55

2 

PR 0.16

4 

WEB 0.69

3 

SM 0.73

8 

SM 0.35

1 

  
WEB 0.59

3 

 

      R-squared (R²) values provide a measure of the 

explanatory power of the models, indicating how well 

the independent variables in each model account for 

the variation in the dependent variables. In this study, 

the R² values for the key constructs across three 

models demonstrate a varying degree of explanatory 

power as shown in table 6. 

        In Model 1, the R² values for the dependent 

variables range from 0.164 for PR (public relations) to 

0.644 for DM (digital marketing), indicating a 

moderate explanatory power in terms of the variance 

explained by the independent variables. Particularly 

noteworthy is the relatively low R² value for PR, 

suggesting that this construct is less influenced by the 

model's predictors. This finding aligns with research 

by (Zhang and Mao, 2016), who highlight the 

challenge of effectively modeling PR outcomes, 

which are often influenced by factors outside digital 

channels, such as public perception or offline 

engagements. On the other hand, the CB construct 

shows a relatively high R² value of 0.596, indicating 

that the model accounts for a significant portion of the 

variance, which aligns with (Graham et al., 2019), 

who argue that click-based advertising is often highly 

measurable and directly linked to digital marketing 

effectiveness. 

         In Model 2, there is a noticeable improvement in 

the R² values, with SM (social media) achieving a very 

high R² of 0.772 and WEB (website factors) 

improving to 0.693. These results are in line with  

(Hays et al., 2013), who emphasize the significant role 

social media plays in consumer engagement and 

decision-making. The increased explanatory power in 

Model 2 for SM supports (Liu et al., 2010), who argue 

that social networks have become one of the most 

crucial platforms for building brand loyalty and 

increasing consumer interaction. The increase in the 

R² values for SM suggests that Model 2 captures the 

complexities of social media’s influence on consumer 

behavior more effectively than Model 1. 

          However, Model 2 does show a slight decrease 

in AF (affect) and DM (digital marketing) R² values, 

which may indicate that the model does not capture 

these relationships as well as Model 1. This is 

surprising given that (Andriani et al., 2024) 

emphasizes the importance of SEO and content 

creation for effective digital marketing, which should 

lead to higher R² values for DM. Despite this, Model 

2 still represents a significant improvement in overall 

explanatory power compared to Model 1, particularly 

in WEB and SM. 

           In Model 3, the R² values show significant 

variation across constructs. AF (affect) experiences a 

dramatic increase to 0.780, reflecting a much stronger 

model for explaining emotional responses to digital 

marketing strategies. This aligns with research by 

(Jing Ma et al., 2013), who suggest that affective 

responses to website content and marketing stimuli are 

crucial for conversion and engagement. However, the 

R² value for CB (click-based advertising) drops to 

0.379, suggesting that the relationship between CB 

and the dependent variables is not as well captured in 

Model 3. This contrasts with (Graham et al., 2019), 

who found that click-based ads generally exhibit a 

stronger and more direct relationship with user 

engagement and conversion rates. 

           The R² values in Model 3 also show 

considerable explanatory power for DM and SM 

(0.460 and 0.738, respectively), which is consistent 

with (Chan et al., 2014), who highlight the growing 

importance of social media in digital marketing 

strategies. Model 3 appears to perform particularly 
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well in explaining the variance in SM and AF, 

suggesting that these constructs may benefit from 

stronger pathways and clearer relationships with other 

variables in the model. 

        Social media engagement demonstrated the 

highest R² value (0.772) among the examined 

constructs, highlighting its significant influence on 

student enrollment decisions. This finding aligns with 

(Vidyawati & Rosyidah, 2022), who noted that 

strategic campaigns on platforms like Instagram and 

Facebook enhance visibility and engagement with 

prospective students. However, the R² value in this 

study exceeds those reported in (Graham dkk., 2019), 

potentially due to the broader adoption of social media 

among Indonesian youth compared to Western 

contexts. This underscores the need for universities to 

tailor their social media strategies to regional cultural 

and behavioral preferences, such as leveraging 

popular local platforms and influencer marketing. 

 
Table 7. F- Square  

Model 

1 

 
Model 

2 

 
Model 

3 

AF 

-> 

ED 

0,61319

44 

AF 

-> 

ED 

0,0986

11 

AF 

-> 

DM 

0.039 

CB 

-> 

DM 

0,13819

44 

CB 

-> 

ED 

0.061 CB 

-> 

AF 

2.303 

CB 

-> 

SM 

0.080 CB 

-> 

SM 

0.058 CB 

-> 

ED 

0,63263

89 

DM 

-> 

ED 

0.001 CB 

-> 

WE

B 

0,2361

11 

DM 

-> 

ED 

0.015 

PR 

-> 

AF 

0,17222

22 

DM 

-> 

AF 

0,0743

06 

PR -

> 

AF 

0.050 

SE

O -

> 

AF 

0.044 PR -

> 

SM 

2.129 PR -

> 

SM 

1.806 

SE

O -

> 

PR 

0,13611

11 

SE

O -

> 

WE

B 

1.141 SE

O -

> 

WE

B 

1.457 

SM 

-> 

DM 

0.051 SM 

-> 

DM 

0,1166

67 

SM 

-> 

CB 

0,08680

56 

WE

B -> 

CB 

1.473 WE

B -> 

AF 

0.061 SM 

-> 

DM 

0,06944

44 

WE

B -> 

DM 

0.097 WE

B -> 

DM 

0,1472

22 

WE

B -> 

CB 

0,12013

89 

WE

B -> 

SM 

0.045     WE

B -> 

DM 

0,11041

67 

 

       F-squared (F²) values, as shown in table 7,  

provide insight into the effect size of each path in the 

model, indicating how much an independent variable 

contributes to explaining the variance in the dependent 

variable. Higher F² values reflect greater 

contributions, suggesting that the independent 

variable plays a significant role in explaining the 

dependent variable's variance. This analysis reveals 

key insights into the relationships between digital 

marketing constructs and their influence on the 

outcome variables in our models. 

         In Model 1, several paths show substantial F² 

values, particularly WEB → CB with a very high F² 

value of 1.473. This indicates that WEB (website 

factors) has a large effect on CB (click-based 

advertising). This aligns with (Chen et al., 2023), who 

suggest that website optimization plays a critical role 

in enhancing the effectiveness of digital marketing 

channels, including click-based advertising. A well-

structured website provides a conducive environment 

for better engagement with click-based ads, which in 

turn boosts conversion rates. Similarly, the path AF → 

ED (0.613) also shows a significant effect, confirming 

the importance of affective responses in the ED 

(enrollment decision) process. This result resonates 

with (Jing Ma et al., 2013), who highlight the crucial 

role of emotions in influencing decision-making, 

particularly in consumer-facing digital marketing 

strategies. The relatively moderate F² values for paths 

like SEO → AF (0.044) and SM → DM (0.051) 

suggest that these relationships, while statistically 

significant, may not have as strong an effect on the 

dependent variables in this model.  

In Model 2, several significant pathways with 

notable F² values are observed. The PR → SM path 

exhibits a remarkably high F² value of 2.129, 

demonstrating the strong influence of public relations 

(PR) on social media (SM). This highlights the critical 

role PR plays in boosting brand visibility and fostering 

engagement on social media platforms. This finding 

aligns with Tong and Chan (2020), who emphasize 

that digital PR strategies, such as influencer 

partnerships, significantly enhance a brand’s social 

media presence and consumer interactions. Similarly, 

the SEO → WEB path, with an F² value of 1.141, 

reveals a robust relationship, emphasizing the 

interconnection between search engine optimization 

(SEO) and website factors in enhancing digital 

marketing effectiveness. Raj (2023) also underscores 

that SEO is crucial for improving website visibility, 

which directly influences user engagement and 

satisfaction. Meanwhile, the paths CB → SM (0.058) 

and CB → ED (0.061) exhibit moderate F² values, 

indicating weaker but still noteworthy effects of click-

based advertising on social media and enrollment 
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decisions. This suggests that although click-based 

advertising is valuable, its impact is generally less 

pronounced compared to strategies like social media 

or SEO. 

        Model 3 reveals some particularly strong F² 

values that suggest robust relationships between 

certain constructs. The path CB → AF (2.303) stands 

out with an exceptionally high F² value, highlighting 

the importance of CB (click-based advertising) in 

influencing AF (affective responses). This result is 

consistent with (Graham et al., 2019), who assert that 

click-based advertising directly influences consumer 

emotions by enhancing brand recall and recognition, 

leading to stronger emotional engagement. Another 

path with a high F² value is PR → SM (1.806), which 

echoes findings from (Yörük and Summak, 2023), 

who noted that effective PR, particularly through 

influencers, enhances brand credibility and consumer 

engagement on social media platforms. The path SEO 

→ WEB (0.632) again highlights the importance of 

SEO in driving website performance, further 

validating the results from (Northern Kentucky 

University, USA dkk., 2011), who argue that effective 

SEO strategies lead to improved user experience and 

higher engagement rates. 

        One noteworthy observation in Model 3 is the 

comparatively lower F² value for DM → ED (0.015), 

which suggests that the influence of DM (digital 

marketing) on ED (enrollment decisions) is minimal. 

This contrasts with the findings from (Chen et al., 

2023), who argued that digital marketing as a whole 

should have a more pronounced effect on decision-

making. It may be that, in this model, digital 

marketing is overshadowed by the more direct effects 

of PR and SM on ED, which may be influencing the 

enrollment decision to a greater extent. Additionally, 

the path SM → DM (0.069) shows a weaker 

contribution, which could imply that while social 

media plays a role in driving engagement, it is not as 

influential in the decision-making process as other 

marketing strategies. 

         In summary, the F² analysis highlights key 

relationships between the constructs in the models, 

revealing which paths have the most significant 

contributions to explaining the dependent variables. 

Model 3 exhibits the highest overall F² values, 

particularly for CB → AF and PR → SM, reinforcing 

the idea that click-based advertising and public 

relations are critical drivers in shaping consumer 

engagement and emotional responses. Model 2 also 

demonstrates strong effects, particularly for PR → 

SM, while Model 1 provides important insights into 

the role of WEB in influencing other digital marketing 

constructs. These findings are in line with existing 

literature, such as (Graham et al., 2019), (Tong and 

Chan, 2020), and (Chen et al., 2023), who stress the 

interconnectedness of website factors, PR, and click-

based advertising in digital marketing success. 

 

Table 8. Bayesian Information Criterion (BIC) 

Model Model 

1 

Model 2 Model 3 

BIC 

Value 

-232.778 -255.774 -237.474 

     

    Bayesian Information Criterion (BIC) is a model 

selection criterion used to assess the predictive 

relevance of different models. Lower BIC values 

generally indicate better predictive accuracy and fit, as 

they account for both the goodness of fit and the 

complexity of the model. In this context, the BIC 

values for Enrollment Decision (ED) in the three 

models provide important insights into which model 

offers the best predictive relevance in terms of 

explaining the variance in ED. (as shown in Table 8) 

       The BIC value for Model 1 is -232.778, indicating 

a relatively good fit between the model and the data. 

This suggests that Model 1 is capable of explaining the 

variance in Enrollment Decision (ED) reasonably 

well, though it may not be the most optimal model in 

terms of predictive accuracy. Model 1 includes key 

digital marketing constructs such as WEB, AF, and 

SEO, with a focus on website optimization and 

emotional responses. 

      The predictive relevance of Model 1 aligns with 

findings in (Subaldan and Ishak, 2023), who stresses 

the importance of website optimization and user 

experience in driving engagement and decision-

making. Additionally, (Vărzaru, 2022) notes that the 

integration of analytical tools to assess website 

performance can lead to better decision-making 

outcomes, supporting the positive relationship 

between WEB factors and ED in this model. 

        It is worth noting that while the BIC value for this 

model is reasonable, it is higher compared to Model 2 

and Model 3, indicating that it may be less efficient in 

predicting Enrollment Decisions (ED) relative to the 

other models. Model 2 has the lowest BIC value of -

255.774 among the three models. A lower BIC value 

generally signifies greater predictive relevance, as it 

reflects the model's efficiency in explaining the 

variance in ED while considering its complexity. 

Model 2 integrates PR, SEO, SM, and WEB, 

highlighting the crucial roles of public relations and 

social media as key drivers of ED. 

      This lower BIC value supports the findings of 

(Tong and Chan, 2020), who highlight the increasing 

importance of PR in driving engagement and shaping 

consumer perceptions. Additionally, Nunes et al. 

(2018) emphasize the role of social media in 

enhancing consumer engagement and brand recall, 

further corroborating the effectiveness of PR and SM 

in predicting ED in Model 2. 

         In comparison to Model 1, Model 2 benefits 

from a more targeted approach to leveraging PR and 

SM, aligning with recent studies that suggest these 

strategies have a significant impact on consumer 

decision-making, particularly in digital contexts. This 
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indicates that Model 2 is likely the best model for 

predicting ED, according to the BIC analysis. 

       Model 3 has a BIC value of -237.474, which is 

lower than Model 1 but higher than Model 2, 

indicating moderate predictive relevance. This model 

includes a diverse range of digital marketing 

constructs, such as CB, PR, SEO, and SM, but places 

less emphasis on WEB compared to Model 1. While 

Model 3 is capable of explaining some variance in ED, 

its predictive relevance is not as high as Model 2, 

which may be due to the more fragmented focus across 

several marketing strategies rather than concentrating 

on a few key drivers. 

        The findings from (Graham et al., 2019) and 

(Tong and Chan, 2020) suggest that PR and SM are 

among the most powerful predictors of ED, which 

aligns with the performance of Model 2. In contrast, 

Model 3 appears to be somewhat less effective in 

predicting ED, possibly due to its less optimized 

combination of strategies. This model's BIC value 

indicates that it is not as efficient in explaining the 

variance in ED as Model 2, even though it 

incorporates important digital marketing factors. 

        The BIC analysis reveals that Model 2 has the 

lowest value, indicating the best predictive relevance 

in terms of explaining the variance in Enrollment 

Decision (ED). This outcome supports the view that 

PR and SM are crucial in shaping consumer 

engagement and decision-making processes. 

According to (Yörük and Summak, 2023) and (Raj 

and Tamilarasan, 2023), PR strategies, particularly 

through influencer collaborations, significantly 

enhance brand credibility and trust, which can 

influence consumer decisions. Furthermore, SEO's 

role in enhancing WEB performance, as highlighted 

by (Andriani et al., 2024) and (Gharibshah et al., 

2020), reinforces the importance of a holistic digital 

marketing strategy in driving conversions. 

         In contrast, Model 1 and Model 3, while still 

effective, have relatively higher BIC values, 

suggesting that they may not be as predictive as Model 

2. The emphasis on WEB in Model 1 and a more 

diverse approach in Model 3 may explain why these 

models are not as efficient in predicting ED as Model 

2. Therefore, the results of the BIC analysis clearly 

highlight the importance of focusing on PR and SM 

strategies, which have proven to be significant 

predictors of enrollment decisions, consistent with the 

literature. 

 

5. Conclusion 

This study evaluated the effectiveness of digital 

marketing strategies in influencing enrollment 

decisions at Private University X, using Partial Least 

Squares Structural Equation Modeling (PLS-SEM). 

Among the analyzed strategies, social media 

engagement and personalized communication through 

direct messaging emerged as the most impactful, with 

social media achieving the highest R² value (0.772). 

The Bayesian Information Criterion (BIC) confirmed 

Model 2 as the best fit (-255.774), emphasizing the 

significance of leveraging social media and public 

relations for optimizing student recruitment efforts. 

These findings provide actionable insights for 

universities to refine their digital marketing strategies, 

particularly by focusing on creating engaging social 

media content, enhancing direct communication 

channels, and tailoring outreach to meet the 

preferences of prospective students in a competitive 

higher education market. 
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